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[2] Kaiming He , Xiangyu Zhang, Shaoqging Ren, Jian Sun, “Deep Residual Learning for Image Recognition”, CVPR (2016)
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[3] Tan, Mingxing, and Quoc V. Le. “EfficientNet: Rethinking Model Scaling for Convolutional Neural Networks.” ICML (2019)
[4] Ze Liu(Microsoft Research Asia) et al. “Swin Transformer: Hierarchical Vision Transformer using Shifted Windows”. ICCV (2021)
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Resnet152

0.7050

0.7240

0.6362

0.5533

0.4325
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(FF%EE)ResNet152
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0.3821

0.2309

0.4937

ResNet18
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0.3365
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0.3474

EfficientNet-B0O
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0.2273
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EfficientNet-B7
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SwinTransformerB

0.3819
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0.3156
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